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Improved mean-shift algorithm combined with
adaptive kernel function

ZHAO Yun-feng”
(The People’s Liberation Army 91245, Huludao 125000, China)

Abstract: In order to solve the problem of Mean-shift algorithm caused by the fixed track window, an
improved Mean-shift algorithm using adaptive kernel function is proposed. Visual saliency weighted by
the gray similarity is detected to ascertain the object area,and the adaptive kernel function is designed
to track object combined with Epanechnikov and the object area, reducing the effect of fixed track
window and background pixels. After plenty of experiments, the results show that the proposed
method can track object scale motions in real time and exactly, and cost less than 25 ms for every
frame.
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Fig.1 Tracking ships with similar backgrounds by traditional Mean-shift algorithm
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Fig.2 Tracking ships with similar backgrounds by this article method
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Fig.3 Tracking cars with scales change by traditional Mean-shift algorithm
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Fig.4 Tracking cars with scales change by this article method
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